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RREZRZ , BEEGHRIERIASNTEZENERIBERAR, ENREBTREEEERIL
., BEEEIMRREESER, MEaXMERIEHE—WRZRENREY (probabilistic
graphical model) .
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BEAEM, SNEMEIOENORERAREIER, XIFREMHRERMTR 7 BRI
FeF, XEMREPAMAFHMIZXER (conditioanl independence) : WIRIGHE

MHEMERERERERE, e FTEPHRMHEINEG, ESSIERRBHENE. ET
AMNEEZEER SR LRYER.

FREMHHERAIEERERREY (B 538 Probabilistic Graphical Models: Principles and
Techniques, & 3.2)

PRI ERBF A E T A LIS B RIS BIRYEX S D R — N R TR0 57 (prior
distribution) f1—H5EMEXIIFEMHMZEST (conditional probability
distribution) RYSRIR, XPMIEEIRABEFFEE (factorization) . MREGEHEE N NE
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BRISNERY X, EMAEREMEXT XA ¥ FMHRZ, EXIMNFIRENEEES
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HEREPTEESREZN. EFBEFSHE, ERFHNRE DO REERNIFEERTH
HEFHD, MEARNREDHROEMSERHERE., EMRERES, XM EEH
IN—FBEEEENNAERIX AR,

RN RETEF ORI ERNET 2N SSIRERHMR. kIR, S LUKRET
DRERERNFTRVENE, RMBETEMERAels. EEMFARR, fh=IUMHETERIRT
SRHEE—ERE, BRI TRFRMHRERS MR RBIERIEYE.

TERRR XK, FPEUMHEEABIEE FRHMNRIBIEEYT, SARRENEF0FMEERT
BREL AR AORRES,

ZEEIRTTEBRIREDRLR, BRNESIMNEENGIEES, FATE I NEEIEER
FEIRETHA. MERENAEME, ZiE0TMESFFENMHERIREE: P=UHETES!
T8 Y PRHETNEEHERE— N BURE X, BERIPNESNEUERE X, &M FRH—
ek, HEHEERFIZE ¥, XEWESRAVMHKETREENEE, RIBXMRBRR
THEHRNEEARNBEERET, DRERITENSE, BmMEFREHNER p(Y]X).
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8, HEAAmEEE— 1 SARFrEEET, SIS EERVENERT GBS, B
XA E—NRENEE, SFEAFER/NY, EERERIREAREERILIREHIT,
SECTEERAIASERA 0, NMISELERERE.

ERRRXNAUR, EHRINTEREFM RSN EFSINERHEIEE (Laplacian
smoothing) , MA\ENMEGENREES, NEAHFFEMENEENSHEIATES
fo. EUMERGETR, SRS MEBERERIRE NS, HHEAIE (conjugate
prior) ENMHIEXBNEERS, ERVRSCRMRNERMRESHERAI.

N ErEEES TRUABRRS SRR TIIRGRIEREIR, S7eMRMAERIIAA
BT, B LR MRNANHRESRNE—2h, RERENSHEAE.
XERS INTYERRAYEFL: SRR M ERNAFSERITE, MAHEENRE
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BIXE, RESEET S —MEMREEE? HiRSIERUFEERGPISIRSE, #
—HEN REESEICHINFERS. HIELRBAITEN T — 1M RETE, EX)EE



£, FRZRE AR FRERERR £, X T MEREIRIEARTEEE, A
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AFH—, METENEZFRIERZIIET 1, BELSERERE s LABRE ZINo Y
o, WEBIAOH (multinomial distribution) k&R (categorical
distribution) , EREHMAINERMEHEFEENS . KFIRES™ (Dirichlet
distribution) FREXBISHAIRIILIERIE, HERAAITLISK
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TEXMIFEE T KT UHENE UM ERFAIREE, ERkBATZ-B{F (David
Barber) BYZ(E (AMEMEESH1285>) (Bayesian Reasoning and Machine
Learning) A9 10.3, XMIIF2IXIFRY:
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IR | 480EE  (BlF3EE Bayesian Reasoning and Machine Learning)

BN RN MHTG ER KX NG AR EI R, 51T HSRTRER
p(scottish) = 7/13, p(english) = 6/13, TEEEEI_ EXATLATEHERIRZAVE R
R, BAEXEFERANNHEFEESHAI SR, XNMARHIE=AREERE 0.8076,
FAALABERE—T.
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£ Scikit-learn H, EIIAMEIMHTD2EE8RY2 naive_Bayes &, BAFRIEGIFFHE
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N E2EEF BRI TIHE.
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The pr‘nbubzl'lity. that the new man i1s Scottish by naive Buyeé is: [E!.EG?EE?EQ]
The probability that the new man is Scottish by Bayesian naive Baoyes is: [@.763098872]
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HARE T LRIESES o FflEE S M EEHEEN R IARNSEL;

RE R BRI ERRLE AR IS o A HEecia.
ERNH R EREN MRS, NREEEZEEEMZAGERHNE, SEINHME
piEsEAN R M (tree augmented naive Bayes) , ErRILAEREFNENHEZEERRY
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SR SCPRIF MR M MHERIBER A IAAGTT RIBESEL, LNl ST2851E0A1(6/13%0
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AT.

BRI ESHERE SR RRHTIEIE. #0MIF, FERRE, WANESFEREB=
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NKHEINT, BRRRENFMIERTT . SIN—MD e REEIFMAIHER, BR—I1.

4 >
) e 0
2018-08-24

FHTE T TEREHR, &IVI,(Xi LX) REERGREEY D RCEHEIIBR
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